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Immune networ k algorithm based on double mutation operators
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Abgtract : Aiming at the problem that genetic algorithm has difficulty in solving multimodal function optimization, an
immune network agorithm is proposed based on double mutation operators. The agorithm refers to the clonal
selection and immune network theory. Double mutation operators are adopted to improve globa and local searching
ability. The strategy of dynamic network suppression is used to maintain the diversity of population and adjust the
scale of antibody population adaptively. Smulation results show that the algorithm can not only improve population
diverdty effectively , but also combine well globa optimization with local optimization. Therefore, it has excellent

optimization performance to multimodal function.
Key words: Multimodal optimization; Clonal selection; Immune network ; Double mutation operators
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