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Multi-sensor data fusion based on double base points method
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Abgtract : For the recognition problem of multiple targets with many characteristic indexes, a new fuson method based
on double base points method for the multi- sensor datais proposed. According to the membership degrees matrix , the
recognition problem of multi-target is trandormed into the multi-object decison making problem. After defining the
entropy weight and relative approach degree, the conventional double base points method is modified. Hence the
agorithm of object recognition is given. The method avoids the influence of subjective factors through the entropy
weight , which is suitable for the recognition problem of multi-target with multiple attributes. The smulation

examples show the effectiveness and feashility of the method.
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R =

[ 0.697 0.333 0.1515 0.1515 0.303]
0.2333 0.1 0.2667 0.6 0.7667
0.7 0.25 0.15 0.15 0.25
0.68 0.48 0.28 0.08 0.32
0.6538 0.2308 0.0769 0.1923 0.3462

10.8333 0.1667 0.0833 0.0833 0.1667
3 (@
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1 2 3 4

df 0.3983 0.1668 0.1531 0.1306

dj 0.1632 0.2974 0.4074 0.3249

Ci 0.4600 0.4726 0.4662 0.7857

4 ,

. 2,3
0.581,0. 556, 0.4726,
0.4662, 2.3

, 4

1 2 3 4

0.46 0.4726 0.4662 0.7857

0. 366 0.581 0.556 0.79
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