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Abstract : A method of statistical and adaptive increment control based on control-cell to achieve the real-time control
about analogue is proposed. A method to get statistical figure of digitized control is given. The relationship about
state definition of the average deviation statistics, statistical trends, statistics overshoot , and end deviation is found.
The statistical control tactics and their optimum conditions are set up. The design of statistica projections and
adaptive memory increment controller is obtained. This desgn is smple to microprogramming, which not only has
faster computing, but also has high eficiency of analogue control.
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