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Abgract : No-idle flow shop (NIFS) problem with makespan criterion is studied. A method with the computational
complexity O (mn) is developed to calculate the makespan of a permutation, and then a short cut for insert
neighborhood search algorithmis proposed. A discrete particle swarm optimization (DPSO) agorithmis presented for
the NIFS, which isimproved by employing the short cut. The computational results show that the effectiveness of the
presented DPSO.
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20 x5 10.06 0.24 10.31 0.16 10.24 0.01 9.84 0.00 9.85 0.02
20x10  24.11 1.20 25.38 1.25 25.51 0.45 22.94 0.06 22.93 0.06
20x20  46.10 1.30 48.87 1.21 49.44 0.81 45.41 0.16 45.39 0.11
50 x 5 9.20 0.17 9.22 0.09 9.34 0.11 9.11 0.00 9.11 0.00
50x10  20.95 0.66 21.53 0.63 21.25 0.13 18.63 0.24 18.62 0.13
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500 x 20 26.10 0.18 21.41 0.12 19.98 0.00 19.32 0.16 19.31 0.13
25.52 0.51 25.40 0.47 25.02 0.16 23.21 0.13 23.20 0.13
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