23 2 2008 2

Vol.23 No.2 Control and Decision Feb. 2008

: 1001-0920(2008) 02-0127-06

( , 210097)

. TP311 DA

An algorithm based on horizontal partitioned multi-decision table
for computing global attribute core
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Abstract : For the condition that global attribute core is consstent and inconsistent , the relationships between the
globa attribute core and local attribute core are discussed, and an agorithm based on horizonta partitioned multi-
decison table for computing global attribute core is presented. By usng every local attribute core at each ste
transmitting every local decison table which is shrunk, network communication is reduced. Hence, the efficiency of
computing global attribute core is improved. Algorithm analyss results show the efectiveness and feashility of the

agorithm.
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