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Extended rough set model based on completed tolerance relation
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Abgtract : The incomplete information systems which are processed by extended rough set models are different from
each other. In order to describe these differences, the conception of completed degree is presented. The
indiscernibility relation in classical rough set is extended to completed tolerance relation based on completed degree.
Compared with the relationsin other extensions of rough set , such as tolerance relation, smilarity relation and limited
tolerance relation, the new relation takes into account the differences between different incomplete information
systems. A new extension of rough set based on the completed tolerance relation is put forward to deal with the
incomplete systems. Two examples are given to illustrate the validity of the presented model.
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