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Abstract : For the problem of state feedback stabilization for linear discrete systems with transmisson delays, an
inherent limitation for the stabilization problem is obtained. In order to overcome the inherent limitation ,two methods
are proposed. One is using enough information of the delayed states. The other is designing recursive state feedback
controllers. Research results show that if a system without transmisson delay can be stabilized by a state feedback ,
the one with transmisson delay still can be stabilized by the designed state feedback controller.
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