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Parallel genetic algorithm based on fine-grained modd with GPU
accelerated
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Abgtract : An algorithm based on GPU (graphics processing unit) acceleration fine-grained parallel genetic agorithm
(PGA) is proposed to improve the performance of genetic algorithm for application to large-scale problems and
multivariable solutions. The process of paralle genetic algorithmsis converted into that of texture rendering based on
GPU , which maks PGA greatly accelerated in it. The experimental results show that the agorithm inhibits the
phenomenon of premature efficiently , increases the particle population in the PGA , speeds up its running and provides
ordinary user with afeasbhle PGA solution.
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