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Abgract: To overcome the disadvantages of low efficiency and bad interactive ability of image database browse
system, a new method based on image database categorization and clustering is offered. By randomly sampling
columns and grid segmenting rows of raw feature matrix , the approximate optimum sparse matrix of image database
featuresisobtained. By the singular value decomposition (SVD) of this sparse matrix , the high dimensions of image
database feature matrix can be reduced. Density estimation technique and hill-climbing strategy are used to define and
extract image database clusters and categorization. Experimental results show that the method has interactive ability
and good speed, and is not sendtive to noise data.

Key words: Image database clustering; Image database categorization; Sngular value decomposition(SVD) ; Densty
estimation; Hill-climbing
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