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Immunity clone algorithm with mutation co-evol ution
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Abstract : By usng the clona selection mechanism of the immune system, a method for function optimizing is
proposed. The character of thisalgorithm is not only the antibodies evolution, but also a mutation vectors set is built
for cooperative co-evol ution to breed and reproduce success ul mutation steps. The smulation results show that this
agorithm can converge to the global optimum at quicker rate in a given range.
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Log(f(x))

Log(f(x))

3
15
CLONAL G 5.321 377 18.227 61 5.890 937 9.165 772
f1 opt-IMMAL G 0.285 326 2.257 543 0.843 264 1.363 863
MCCLONAL G 0.360 216 3.405 037 1.553 354 1.785 021
CLONAL G 17.210 625 26.715 041 18.517 624 23.256 304
f2 opt-IMMAL G 0.368 321 9 1.833 226 4 1.575 391 2 0.985 317
MCCLONAL G 0.116 159 0.734 982 0. 456 376 0.360 647
CLONAL G 1922 456.118 7 838 245. 647 5370 738.72 6 310 264.824
fa opt-IMMAL G 31.743 8 2 743.588 42 92.250 16 743.178 3
MCCLONAL G 30.424 6 2 574.250 21 73.247 63 450.433 2
CLONAL G 470 354.473 99 702 578.17 52 823 535.55 61 826 573.43
fa opt-IMMAL G 742.106 7 510 637.19 2 853.683 8 305. 195
MCCLONAL G 312.346 2 38 230. 83 1 400. 547 6 744.364
CLONAL G 1.212 284 3.057 831 1.652 935 47 2.147 561
fs opt-IMMAL G 1.174 283 2.906 417 1.728 542 6 1.742 552
MCCLONAL G 1.088 714 2.465 635 1.595 525 2 1.488 612
CLONAL G 473.941 2 5214.347 2 2 066.647 1 2 644.573 8
fe opt-IMMAL G 20.731 74 276.638 5 207.372 7 185.263 4
MCCLONAL G 18.025 15 91.715 16 34.998 837 50.809 37
CLONAL G 0.980 704 0.951 014 0.962 535 0.969 711
f7 opt-IMMAL G 0.026 153 0.352 672 0.089 356 0.126 437
MCCLONAL G 0.871 643 0.962 573 0.929 137 0.935 413
CLONAL G 0.945 114 3.489 822 2.615 435 2.204 917
fs opt-IMMAL G 0.025 298 1.363 365 0.053 646 0.472 661
MCCLONAL G 0.000 5 0.983 314 0.003 358 0.199 867
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