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Improved PSO algorithm with overcoming behaviour of indulging in
food
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Abstract: The basic PSO algorithm has the problem of local minimum. Therefore, the particle swarm optimisation
(PSO) algorithm search capability is enhanced by the inclusion of new flight strategy and overcoming the behaviour of
indulging in food based on the i2depth research of the social behaviour of flocks. In addtion, the flight raidus is
enlarged, and forepassed velocigy is not introduced to modify the particle. s position. When the particle. s position is
repeated, a mutation operation will be introduced. The ability of breaking away from the local optimum is greatly
improved by the mutation operation. The experimental results show that the new algorithm has advantages of
convengence property.
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