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Track association approach bassd on EMD method and gray
correlation technique
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Abstract : For distributed multi-sensor fuson muli-target tracking system, a track association method based on
empirical mode decomposition (EMD) and gray correlation technique is proposed. The EMD method is used to
decomposed the track of each sensor into many of intrinsc mode function (IMF) components which form initial
matrixes. The sngular value, regard as the characteristic vectors of the track of each sensor , isobtained by applying
the singular value decomposition technique to the initial matrixes. By fusng the gray correlation between the
characteristic vectors, the ture track association rusults are obtained. The smulation results under the typical
environment are compared against the weight track association and show the effectiveness of the proposed agorithm.
Key words: Information fuson; Track association; Empirical mode decomposition; Intrinsc mode function; Sngular

value decomposition; Gray correlation
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