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Multi-output€-SVR for nonlinear MIMO system identif ication
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Abstract : A multi-output support vector regresson machine model based on€ insenstivity lossfunctionisproposed for
the black-box identificaton of the nonlinear MIMO system, and the effective algorithm for calculating the bias of the
regression function is presented. The model can minimize the regularized structure risk summation of al outputs, and
it can select different kernel functions and model parameters for different outputs. The mode is applied to the
nonlinear MIMO system identification. The smulation results show that the model overcomes the traditional SVR’ s
limitation of modeling for each output individually , and can improve the integral identification ability of the MIMO
system.
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