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Abdtract : In order to advance reinforement learning (RL) research and expand its practical application scope, it’ s
necessary to classfy RL from RL research theory base, knowledge expressed and the handling angle. Based on
classcal stochastic RL , fuzzy RL , qualitative RL and grey RL , the detailed discusson and comparions are given.
Finaly, RL development isforecasted from the knowledge expresson and handling angle.
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