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Abstract : A novel free search algorithm based on coarse-grained and fine-grained cossover is proposed by combining
free search with genetic agorithm. The agorithm defines two basi s operators including coarse-grained cossover and
fine-grained cossover. The operators of coarse-grained cosover make the algorithm obtain strong global exploring
ability, and the operators of fine-grained cossover make the agorithm have strong local searching ability.
Experimental results show that the convergence speed, the convergence probablity , the robustness and the stability of
the algorithm are better than those of basic free search algorithm and particle swarm optimization.
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60 93.4011 97.796 98.71125 5.8974845 1.5767249 1.7451
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