23 9 2008 9
Vol.23 No.9 Control and Decision Sep. 2008

: 1001-0920(2008) 09-0994- 05

( , 116023)

(FCITA).

,FCITA

. TP311 DA

Efficient algorithm of mining frequent closed inter-transaction
itemsats

DONGJie, HAN Min
(Department of Electronic and Information Engineering, Dalian University of Technology, Dalian 116023, China.
Correspondent : HAN Min, Email : minhan @dlut. edu. cn)

Abstract : Frequent inter-transaction itemsets extend the scope of mining association rules from traditional sngle-
dimensional , intratransaction associations to multidimensional , inter-transaction associations. With the increasing of
the MaxSpan, the amount of the frequent inter-transaction itemsets, however , becomes very large. Consdering the
characterictics of the frequent closed itemsets, we introduce the notion of frequent closed inter-transaction itemsets
and develop an efficient algorithm, frequent closed inter-transaction itemsets algorithm (FCITA). FCITA adopts
divison and condition database to avoid the generation of huge extended database, and uses the extended Bit Table to
compress the transaction and improve the counting efficiency of the support. By usng dynamic ordering and hash
table, the testing times of the candidate closed inter-transacation itemsetsis decreased. Smulations results show that
FCITA isfast and eficient.
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