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Abstract : The problem of estimating unknown parametersof linear time-invarinat state space model is studied by three
approaches: We use Metropolis Hastings algorithm to draw a sample of some size from the posterior distribution
based on Bayesian inference, and then the posterior mean and standard derivation are obtained. A computational model
of a population-based algorithm-generator is proposed to minimize the log-likelihood function. We apply the smulated
annealing algorithm to maximize the likelihood function. Finally, the numerical experiments and comparison results
show the effectiveness of the proposed agorithms.
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