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Abgtract : A particle swarm optimizer (PSO) based multiple model modeling method is introduced to deal with the
model covering problem in the multiple model adaptive control of nonlinear system. Firstly, the nonlinear system is
described as a mixed logic model based multiple models. And a mixed logic linear model is constructed accordingly.
Then according to the mixed logic linear model , optimal modeling is realized based on the PSO, which employs the
least sub-model to approximate the nonlinear system under the condition of accuracy. Finally, a smulation example
shows the eff ectiveness of the proposed modeling method.
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