24 1 2009 1
Vol.24 No.1 Control and Decision Jan. 2009

: 1001-0920(2009) 01-0013-05

( , 200240)

) ; Box-Jenkins

. TP273 DA

A fuzzy identification method based on the enhanced objective
cluser analysis

WANG Na, YANG Yupu

(Department of Automation, Shanghai Jiaotong University , Shanghai 200240, China. Correspondent: WANG Na,
E mail :wangna2004 @stu. edu. cn)

Abgtract : In fuzzy identification, iterations or human decison making are usually used to identify fuzzy rules.
However , the clustering result is possbly affected by noise and artificial factor , which resultsin weak robustness and
high computation cost. In this paper, afuzzy identification method based on the enhanced objective cluster analysisis
presented. Firstly, the objective cluster analysis agorithm is introduced and enhanced such that the redundant rule
numbers caused by iterations is overcomed and the effect of human factor on the clustering result is decreased.
Therefore, the computation burden is reduced, and the robustness of the algorithm is improved. Then, the premise
parameters and the consequence parameters are identified by fuzzy ¢means clustering agorithms and the stable
Kalman filter algorithm respectively. The efectiveness of the proposed method is verified by the example of Box-
Jenkins gas furnace s mulation.
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