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Abstract : A method to determine the neural network approximation domain is developed for adaptive neura network
tracking control problem. The system outputsin unknown nonlinear functions are replaced by the reference signa's o
that neural networks are employed to approximate the unknown uncertainties whose inputs are the reference sgnals.
The designer can determine neural network approximation domain based on the bound of the reference sgnals. The
adaptive robust technique is used to handle the other kind of uncertainties which results from the replacements of
function inputs. The closed-loop system is proved to be globally stable. A smulation example shows the efectiveness

of the control method.
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