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Non-rigid object tracking algorithm based on Mean Shift and
adaptive prediction
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Abstract: Traditional Mean Shift tracker has poor performance when the object” s movement is maneuverable or
occlusion occurs. Therefore, Mean Shift combined with Kalman filter or particle filter is proposed as a self-adaptive
tracking algorithm in this paper. The color histogram is improved, which combines the target shape information with
color discrimination. Then, a self-adaptive tracking algorithm according to the object’s movement is proposed, which
combines Mean Shift with Kalman filter or particle filter. Moreover, particles with two different motion-models are
used to reduce the expensive computation of particle filter. The experimental results show the real-time performance

of the algorithm in tracking non-rigid object as well as the robustness to irregular movement and heavy occlusion.
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