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Abstract : An approach is proposed to handle constrained optimization problems by using evolutionary algorithm. It
maps the good lattice points( @ P) from Sdimensonal unit hypercube to the Sdimensional search space, which
makes the individuals in search space distribute more evenly than the random methods do. In order to balance the
quantity of QL P and the exploitive capability of proposed agorithm, a new precrossover operator is proposed. The
gene operators of the new method are constructed according to Q. P principle whose precisonis not be confined to the
dimension of the search space, which is benefit for some high dimensional optimization problems. The new approach is
compared with other evolutionary optimization techniques by sx benchmark functions. The results obtained show that
the new approach is general , efective and robust.
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For k = 1to Else
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