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Fault prediction algorithm based on stochastic perturbation particle
filter
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Abstract : Degeneracy of particles and large computing cost are the main problems when particle filters are applied to
fault predictions. Therefore, afault prediction agorithm based on stochastic perturbation particle filter is proposed to
resolve the above problems. The stochastic perturbation re-sampling is used when the degeneracy of particles is
serious, which can improve the diversity of samples, ameliorate the degeneracy of particles, shorten the re-sampling
time and reduce the computing cost. Asaresult, the tracking ability of particlefilter isimproved. Smulation results
demonstrate that the agorithm proposed is valid and the system fault can be predicted accurately and timely.
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