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Abstract: A novel stahilization scheme is presented for affine multi-input multi-output (MIMO) nonlinear nornr
minimum phase systems. The inputsoutputs of the system are decoupled by feedback linearization, and system
external dynamics are stabilized by high-gain state feedback. Then model predictive control is used to stabilize internal
dynamics. The proposed controller can guarantee that the closed-loop system is exponential stable. Smulation results
demonstrate the efectiveness and superiority of the proposed method.
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