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Synthesizing off-line robust model predictive control based on

polyhedron invariant set
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Abstract : An off-line synthess algorithm of robust model predictive control based on polyhedron invariant set is

proposed. This agorithm off-line determines a control-law- sequence with corresponding invariant sets. The control
law is chosen onrline according to the location of the current state, which can not only enlarge the initial feasble
region, but also improve the control performance in some degree. Smulation result illustrates the advantages of

adopting polyhedron invariant set.
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