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Detecting community <ructure in complex networks based on
K-means clustering and data field theory
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Abgtract : Detecting community structure is fundamental for analyzing the relationship between structure and function
in complex networks. We propose two algorithms for network community detection: Community detection based on
K-means clustering and community detection based on datafields. Experiments show that the agorithms presented in
this paper are of high accuracy with good performance and the' small-world” efect in the community is more obvious
than that in the whole network , which implies that it is much easer to reach synchronization in the community than
that in the whole network under the same coupling strength.
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