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Parameter selection of generalized fuzzy entropy-based threshol ding
segmentation method with particle swarm optimization

L El Bo"?, FAN Jiuwlun®
(1. School of Electronic Engineering, Xidian University, Xi’ an 710071, China; 2. Department of Information and
Control , Xi’ an Institute of Post and Telecommunications, Xi’ an 710061, China. Correspondent: L El Bo, Email :

leileibo @xiyou. edu. cn)

Abstract : A parameter adaptive selection generalized f uzzy entropy- based i mage threshol ding method is proposed based
on the problem of how to find the parameter min the generalized f uzzy entropy with optimization algorithm. Based on
an image segmentation quality eval uation criterion and the maximum fuzzy entropy criterion, by using particle swarm
optimization , the optimal parameter m and the membership function parameters (a, b, d) are automatically determined
respectively , which realizes the aim of automatic selection the threshold in generalized fuzzy entropy-based image
segmentation method. Experiment results show that the presented method can obtain better segmentation results on

illumination images.
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