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Abstract : A knowledge reduction method based on discretization cutsis proposed. Animproved attribute discretization
method is also presented in this paper. Examples of recognizing the emitter purpose are selected to demonstrate this
new method. Moreover, computer smulation of recognizing the emitter purpose is selected and compared with
classca statistical recognition algorithm through the smulation. Experiments results demonstrate the excellent

performance of this recognition method.
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, C D ,
U = {x1, %, ,X} 2
r(d), a Va ,
(a,0. a R,c ) ,
Va = [la,ra] {(a,d), (a,
@), ,(a,ck)} Va Pa, 4: 3
Pa = {[&,d) ,[c,&), ,[c, 1]}, (1) ,
h=d<d< <du=r, (2) 2
Va=[d,d) [d,3) [ck, ,C+1]
(3 ' 2
, P= P. ’
a R
s* = (U,R,V",f"), 4
fP(xa) = i <f (Xa) [¢,ch1) 4.1
x U,i {01,  ki. (4) :
3 (RF),
(PRF) (PW) .
a C : 3 ,
1: a(x) , 1
X U. 1
2: ; a RF/MHz PRF/ Hz  PWis
, 1 2774.3 428 1
, 2 1280 300 4 1
, 3 1313 301 4.1 1
4 1251 601 1.7 1
5 9214 429 0.8 1
, 6 2746 2873 0.6 1
, 7 2985 325 2.6 1
8 3109 375 2.1 1
9 2695 335 1.1 2
, 10 160 190 3.7 2
, 11 2700 375 1.7 2
Naive Scaler [;1] , 12 2700 330 0.8 2
13 1999.9 1600 3.5 2
14 3400 2500 0.5 3
15 2970 1250 0.8 3
3 16 9000 1750 0.25 3
' 17 3700 2250 0.37 3
: 1: :
2 )
1: U :{Xl,Xz, ,X17} — ,d— ,a—
RF,b—PRF,c—PW.
2: 2
3 2 1 3



466 24

2 0.0247.
a b c a b c C ,
705.5 245 0.55 || 2977.5 925.5 1.9 b ¢
1656.45 327.5 0.7 3254.5 1425 3.25 ) )
2723 355 0.95 9107 1675  3.85 . , b ¢
2872.15 401.5 1.4 2686.5 4.05
3 1
, 5
U a b (] d U a b c d 5
i1 4 5 6 10 212 1 7 2
U b c d U b c d
2 2 2 8 112 3 4 5 2
1 5 * 1 10 8 7 2
3 2 2 9 112 3 3 3 2
2 2 * 1 11 4 5 2
4 2 5 5 113 3 7 7 2
2 * 8 1 12 3 * 2
5 1 5 3 114 7 8 1 3
3 * 9 1 13 7 * 2
6 4 1 2 1115 5 6 3 3
6 * 2 1 14 8 * 3
7 6 2 6 116 7 8 1 3
7 * 6 1 | * 1 3
8 6 4 6 117 7 8 1 3
9 * 4 2 15 6 * 3
9 3 3 4 2
4 5
0} ks (o G (o o - d,
U a b c d U a b c d
o3 br by G (o o -,
1 4 5 6 1 9 3 3 4 2
ks s a — 0.
2 2 2 8 1 10 1 1 7 2
4.2
3 2 2 9 1 11 3 4 5 2
4 2 5 5 1 12 3 3 3 2 1 ’
5 1 5 3 1 13 3 7 7 2 1
6 4 1 2 1 |14(16,277 7 8 1 3 '
7 6 2 6 1 15 5 6 3 3
8 6 4 6 1 1
2%, 2
; 4 : 5 %.
3 , 3
a, 17000 , 6
1.5464,0.4145,0.0169,0.0681,
0.0050,0.0894,0.0235. 6 FS
0.0050.
b,
1 94.5 81.5 76.6 94.5 85.5
0.4490,0.0153,0.1127,0.1320, 5 837 67.6 596 837 713
0.7012,0.2456,0.0896,0.1388.
0.0153. ) ,
C!
0.1818,0.2857,0.3158,0.4286, 5

0.2105,0.1538,0.0779,0.0247.
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