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Abgract : A rough control for flexible manufacturing system (FMS) based on first-order hybrid Petri nets(FOHPNYS)
ispresented. To construct a correctly behavior evolution graph for FOHPNs, a new approach to determine the event
of changing a Macro state is developed. Furthermore, an optimization and control algorithm for FMS is presented ,
and a rough control method for FM Sis developed based on rough set theory and the proposed algorithm. Finaly, an

example shows the efectiveness of the proposed method.
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