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Modif ied adaptive particle swarm optimization algorithm based on
probabilistic leap and simulated annealing
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Abgtract : On the bas's of analyzing two particle swarm optimization(PSO) a gorithms, the standard PSO (SPS0) and
self-adapting PSO(SA PSO) , a modified adapting PSO(MA PSO) algorithm is proposed to solve the problem that PSO
may trap to local optimum and fluctuation during later period. In this algorithm, the probabilistic leap factor is
introduced to modify the velocity updating and the acceptable rule of smulated annealing is applied to restrain the
uncontrollability of probabilistic leap. The resultsof typical optimization show that this algorithm has better accuracy
and convergence rate as well asfewer iteration numbersin approaching the global optimization than SPSO and SA PSO
algorithms. Thisagorithmisaso superior to SPSO and SA PSO agorithmsin stability and ability of breaking off local
search.
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