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New hybrid data orientation cluster algorithm
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Abstract : Based on the analysisof the traditional clustering algorithms, an agorithmis presented to cluster the hybrid
data. The method changes the object’ s attributes to lattice based on the conception of smple tuples and hyper tuples,
uses the numbers of covers to measure the smilarity between labels, and chooses the clustering mean-point according
to the rule of high covers to high smilarity. Experiment results based on public data set show that the proposed
agorithm can improve the quality of hybrid data clustering, and doesn’ t increase the space complexity.
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