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Abstract : The fuzzy membership functionis animportant part of the T-Sfuzzy systems, the conservatism of quadratic
stabilization conditions can be released by considering its structure and parameters information. Therefore, a new
relaxed quadratic stabilization condition for continuoustime Takagi-Sugeno (T-S) systems is proposed. While the
information of the membership functions cross bound is well introduced into the stabilization condition by applying an
effective form of introducing additional variables and a less conservative redut is attained. All the results proposed in
this paper are in terms of linear matrix inequality. Finaly, the smulation results show the efectiveness of the
proposed results.
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