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Abdtract : Adaptive particle swarm optimisation-1 (APSO-1) smulates the complex behaviour of social swarm and
overlaps the inscrutable decison on the rational behaviour. APSO-  is proposed to overcome the poor convergence
depth of APSO- . The APSO-  dgorithm divides the order action (the standard PSO) and the random exploration
(the adaptive optimisation) to show the advantage of two optimisation methods. In the stage of adaptive optimisation,
the optimal solution is searched in the adjacent space of the best particle. Once the optimal solution is found, the
standard PSO will be applied to rapidly explore. Experimental smulations show that APSO- 11 algorithm is better than
DPSO(Dissipation PSO) , HPSO(Hierarchical PSO) , A EPSO (Adaptive escape PSO) , and APSO-1 dgorithmsin the
capacity of convergence speed and convergence depth.
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