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Abdgract : Based on quatumringpired evolutionary agorithm and immune operator, a quantunrinspired immune
evolutionary algorithm with classfied mutation is proposed. The following two main strategies are introduced. First,
the fast nondominated sorting and crowding distance calculation are used in the algorithm to compute the affinity
between antigens and antibodies of the population. Then, the sorted population is classfied into several groups. The
individualsin the best group are utilized to update individual sin other groups. Most of the individual s performimmune
operator and Q-gate update. And the left individua's perform quantam crossover to gain new individuals to the new
generation population. Finally, the proposed algorithm is used for snlving multiobjective 0/ 1 knapsack problem and
the results show its eff ectiveness.
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