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Abstract: Suykens et al. (2002) presented a weighted leas@squares support vector machine ( WLRSVM) for
regression problems and a weighted algorithm for robust approximation under the model bestirred enough. T herefore,
by using the characters of Cauchy distribution function, a leas squares support vector machine based on Cauchy
distritution weight is presented, which is prone to over2fitting under the model bestirred deficiently. Different values
for weighted factor are selected based on statistical features of the prediction error. For the real features of the

samples in the proceeding of production, the new WLR SVM is more robust. The result of a numerical regression
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experiment shows the feasibility and effectiveness of this algorithm.
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