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Abstract: A new kind of fuzzy particle swarm optimization( FPSO) algorithm is proposed, called convergent fuzzy
particle swarm optimization ( CFPSO) algorithm. It foucuses on the impact on the algorithm performance of the
convergent gene computation and membership function selection, which both improves the precision and increases the
efficiency. It tests the performance of the new algorithm with four benchmark functions and is compared with FPSO,
CPSO (convergent PSO) and PSO. Experiment results show that CFPSO has excellent performance.
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