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WAN Shuping
(College of Information Technology , Jiangxi University of Finance and Economic, Nanchang 330013, China. E mail :
shupingwan @163. com)

Abstract : Vague set is used to represent the fuzzy measurement information of sensors, a fuson method for multi-
sensor data is proposed based on Vague set. The database model of multiple objects based on Vague set is
constructed, and the smilarity degree between two Vague valuesis defined. By applying the model of multi-objective
programming , the weights of characteristics are objectively obtained. The recognition agorithm of object is given
according to the overall smilarity degree. The example anays's shows the efectiveness of the method.
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