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Support vector domain fault prediction based on support vector pre
extracting
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Abgtract : Aiming at the two kinds of support vector domian models, the support vector’ s distribution characteristics
are analyzed. On this bass, the prediction models are constructed by the vectors with some special geometrical
character extracted from the training set. The pre-extracting method of the suppor vectors greatly reduces the training
samples and speeds up the training speed of support vector domain, at the same time, the fault prediction ability is
well maintained. The smulation results show the effectiveness and feashility of the method.
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