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Abstract; Based on an evolutionary algorithm (EA) and a local search strategy — the structured nonlinear parameter
optimization method (SNPOM), two hybrid parameter optimization algorithms for RBF neural networks are
proposed. The first approach starts with a population of some random initial parameter values, and updates the
population by selection, crossover and replacement according to the fitness values obtained by using SNPOM. The
second method runs the EA for a reasonable amount of generations, after which the SNPOM is used to locate the
refined local optimum. The basic idea of the two hybrid algorithms is to find the optimal initial values for SNPOM
using EA. The simulation tests show that the combination method provides better results than either the single
method (EA and SNPOM) or some other existing algorithms.
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