e ~ V3
W26 % 5510 W = % 5 kX 2011 4 10 J
Vol. 26 No. 10 Control and  Decision Oct. 2011

XEHS: 1001-0920 (2011) 10-1463-06
—MBE SR REETITAR TR URER L

% 4R, 1 B FN AR, ASTUK
(VL K25 W T R4 B, Y195 B8 214000)

/

o OE: O 7O e AT AR B AL (BQPSO) FVE S B, $ T R T w4 2 5] SR 1) 5ok
BQPSO {4, (CLBQPSO) 53k, J ti it B vk T — Rl (1 a2 2 07 vk, B0 AE 4 MR A 2 b5 oAb — 25 2%
ST T B AESL L A, St 45 LR W, 25T CLBQPSO (128 J VL A Skt JBE B, iy FLAT B 1) 4 JR ML 8k
W SIORS JBE A T oAb SR 2 S, SRR w4

KBEIR: W ATMRC TR gD sEAE ) s SRR

HESES: TP39 SCHRFRIRED: A

Improved binary quantum-behaved particle swarm optimization
clustering algorithm

CHEN Wei, FUYi, SUN Jun, XU Wen-bo
(School of Internet of Things Engineering, Jiangnan University, Wuxi 214000, China. Correspondent: CHEN Wei,

E-mail: chenwei_0906@yahoo.com.cn)

Abstract: A binary quantum-behaved particle swarm optimization(BQPSO) algorithm based on comprehensive learning
strategy is proposed for improving the performance of convergence. Then a new data clustering method is designed
according to comphensive learing BQPSO(CLBQPSO). The new clustering algorithm is compared with some other clustering
algorithms on four testing data sets in clustering experiment. The experiment results show that the CLBQPSO clustering
algorithm not only converges faster but also owns the better global convergence. Contrast to other clustering algorithms, the

better convergence accuracy and clustering solution are obtained.
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