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Feature selection method based on PBI QPO
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Abgtract : In order to enhance the operating speed and reduce the memory space occupied and filter out irrelevant or
lower degree of features, a feature selection method based on the paralel binary immune quantum behaved particle
swarm optimization (PBIQPSO) is presented, which uses the binary immune quantum-behaved particle swarm
optimization to select feature subsets and takes advantage of multiple computing nodes to enhance time efficiency , s
can acquire quickly the feature subsets which are more representative. Experimental results show the eff ectiveness of

the algorithm.
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