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Abgtract : The thought of quantumrbehaved particle swarm optimization with binary encoding (BQPSO) is discussed,
and evolution equations are given which are completely different from the QPSO agorithm. Postion vector and
di stance between two positions are redefined , and QPSO algorithm with binary encoding is proposed. The convergence
of BQPSO algorithmis analyzed by using functional analys's method, and conclusion of global convergenceis derived.
The test result for BQPSO a gorithm shows its better performance in solving test functions.
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