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Abstract: The sem2supervised fuzzy clustering with pairwise constraints recently proposed by Grira is analyzed. The
disagreement on the magnitude order between constraint term and objective function of competitive clustering
algorithm( CA) is the main cause for the overadjust ment of membership values. Aiming at this problem, an improved
algorithm is proposed based on a redefined objective function. Its penalty cost function introduces a new c® expression
of two samples in the pairs, which has the same magnitude order as that of the typical fuzzy clustering. Experimental
results show that the constraint term of the new algorithm can achieve good agreement and cooperation with the

objective function of CA, and can produce more accurate clustering results by moderately enhancing or reducing the

ambiguous memberships.
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