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Moving bank based online multiple-model modeling method
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Abstract : Anonline multiple model modeling method based on moving bank is suggested for the complex nonlinear
system with unknown boundaries. Based on the philosophy of moving bank, the boundaries of the input spaces are
determined , which decreases the depending on the priority information. Then data is clustered online based on the
method of fuzzy partition. Finaly, the least-squares (L S) algorithm is employed to construct the local model for each
clustering, and the parameter of each loca model is updated by the new data. The smulation results show the
effectiveness of the proposed method.
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