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Abstract: Discretization algorithms play an important role in many areas such as data mining, machine learning and artificial
intelligence. Therefore, a heuristic discretization technique based on the class-attribute interdependence is proposed. A new
discretization criterion is defined, which selects best cut points in terms of characteristics of the data itself and overcomes the
existing deficiencies of state-of-the-art top-down discretization methods. A novel measure of inconsistency based on variable
precision rough sets(VPRS) model is developed, which effectively controls information loss generated by discretization
and allows an adaptive degree of misclassification. Empirical experiments and statistical analysis show that the proposed

technique generates a better discretization scheme which significantly improves the accuracy of classification by running

J4.8 and SVM.
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Artificial Fll Page-blocks 4 A~ — ZU %L #is, AR 4 & X
2(8 = 0), W & BUE A PIER SRV AR I AN — B0
Eartificial = 0.013, Epage—blocks = 0.008. H1 1= [A] 47 K,
FEAE LLJG I AR i 8% 5 R0 & A BLSRAS S 47 1) 4 )
KR

MK 4 FN3 5 ] LU A H, HDT BRI 34 4y
R IR BB van, B Jm VAT A 15 N EER AR I AR B L
S I S5 200, 40 FEEER I Pk e dsef, W1 4%
SR 1, LA,

32 FittEaiR

b T fi i HDT 194 280, K M Friedman 4t 1121
5!@)” WA ST e S B N 2R, WA

# 22 5, WK H Holm’s post-hoc ZE 1Mk, H 1) 2
HE— 21 & HDT BOR 5 HoAb 7 VA A L & B AF AR 4e i

BRI 22, geit R B B K o = 0.05.

Friedman 4t iHK 7~ T

12
2 2
X =T 1) [ZQ

Hor: {7’9?&%%5’]/\%{, T o8 & A SR AN 3G
Q; = ijf, v 35 B ESR § AN

P50, % 4 lf[’] Friedman 4t V1{E A

T—i—l)]' (14)

12 x 15
B =2 [1.62 43432+ 3.07% + 272+
6x7
6 x 7
4.37% +5.832 — X4 } — 45.5383.

THEL S FOR T B AE 111, 360 6 PP & Sk i A7 1
25, X FER K H Holm’s post-hoc 4t 1F AR, 745 2]
1(a), 5l (PR Ze s PR BEAH 25 X I 7 vk 5 FoAh 7
A W2 0 2 5, W HDT, Ext-Chi2 fl CACC 14 g AH
. iR X451 Entropy-based A Equal-F 7572, 15 21 ]
1(b), W HDT & L T HAb 3Ry vk, -3 5, Tl
i v 55 13 1 Friedman 45 71 {8 4 19.2699, KT~ 8 (i
11.1, Rk S8tk 7 v A7 7E 22 5, Holm’s post- hoc 4t
THICRE B R, IEf 20K 2. 8] 2 3210, HDT &2 &40

T H A A I7 .

P R S S
A ST
Ext-Chi2 ST Ik
CACC CAIM

(a) 6FMIAHAEL
| 2 3
L 1 4 1
- CAIM
ASCTIR Ext-Chi2
CACC

(b) 4FF Tk
1 % Friedman 45117755/ C4.5 188 LLER

1 2 3 4 5 6
[ 1 | | ! | | | | |
7k o
BV WARER
Ext-Chi2
FFRI ik
CAIM
CACC

B2 A Friedman 417754 40 SVM 8¢t

4 4
Y2 0 J B O A0 B A 0 WL 3 S RN T
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* e 26 &

B Re AR B A EE I E . SEHT Y top-down (2 HL
A5 ¥ AR R AR AN T B R A 1 2 ) L,
A% IBE 2 A8 5 B B B B B = AR s Bk,
M BAAR T 2% 0R% . i L 25 58 338 1 3 - 28-S 1k A
FL KA top-down &5 UL 7 VEATAE— e i, F8UE
IS ARG 1A TR BT A, BRI T B B AR S o, 4
03 T2 i DG B R R N B U R, 1%
FEAR 8 ST — N8 00 25 O b A, AR 5 B A 5 1)
B T 2 PR B G T AL R T CACC I
IE Ak, HDT 3T R RS £ 20 4 rp A0 kS F8 R RS S A 472
HH — Tl KA — SR Al bR U, A A TG
P B = AR AR B R, VRIS AFAE — o 1 4
FRTRPE. 75 15 UCLEMR AR Liscie g Rk,
AL TTEA EL, HDT $50R 22 udd iy 1 J4.8 Yesiib
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