,/;\. ~ X<
W8 % 10 M # % 5 kX 2013 4E 10 f
Vol. 28 No. 10 Control and  Decision Oct. 2013

XEHS: 1001-0920 (2013) 10-1479-06
ETRARTEEErH

KB, R R F
(FARCH LR a. FABDEFBE, b HSEMBEARTISORT, Ist 210023)

nl_.l:

Mo Al
& K -means B2 EH &

ﬁb

T E: MRS K-means JEISBVEE —FiefT 2000 b B 2R 0 SRR [n) 158 1) SV, (K 22 B0 SR KR AL SE i ¢
PRI S AT T G — IBUE, 2008 T 5 PR G 2 IV IR 22 S5t st sk — e AU 1 — o P 5ot v, e b 8 oA (R A
Xt NN A AN S48 5 e, A3 AN R 52 56 I DR R P, A7 SRS R A 9 T e L AR M) S e . S ) Bt S 11
P FLA0 45 R AR W, Bt th A n] AT e m 8 48 L RS

KBEIA: FENACT SIS S HURESE: KRS K -means 5

hESES: TPIS HERARERD: A

Rough K '-means clustering based on unbalanced degree of cluster
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Abstract: Rough K-means clustering is a valid algorithm to process the inseparability of border of clusters. But to most
algorithms, weights of objects in the lower approximate set or the upper approximate set are all the same without paying
attention to the diversity in clusters. Therefore, a new algorithm is proposed. The algorithm can make the cluster has a more
compact center, and the borders are separated each other with the unbalanced degree of cluster which means the contribution

of an object to the cluster. The simulation analysis shows that this algorithm can improve the precision of the clustering

results effectively.
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