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Transfer support vector machine for learning from data with uncertain
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Abstract: To address the learning problems which include unlabeled samples, a novel transfer support vector machine
for learning from data with uncertain labels(TSVM-UL) is proposed based on the structure risk minimization model. This
method takes knowledge of source domain, the common data between different domains, labeled samples and probabilities

of unlabeled samples of target domain into account, and knowledge transferring between the source domain and the target

domain is realized. Experiment results on several real-world datasets show the effectiveness of the proposed method.
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T13 Tonosphere [80%, 100]  [10%, 21] [50%, 112] [80%, 100]  [10%, 21] [50%, 112] 30% 95.35
Tl4 [80%, 100]  [10%, 21] [50%, 112] [80%, 100]  [10%, 21] [50%, 112] 50% 93.21
T15 Somar [60%, 58]  [10%, 11] [50%, 561 [60%, 58]  [10%, 11] [50%, 561 30% 86.89
T16 [60%, 58]  [10%, 11] [50%, 561 [60%, 58]  [10%, 11] [50%, 561 50% 85.02
T17 Spanbase [30%, 543]  [10%, 110]  [20%, 557] [30%, 543]  [10%, 110] [20%, 557] 30% 89.77
TI8 [30%, 543]  [10%, 110]  [20%, 557] [30%, 543]  [10%, 110] [20%, 557] 50% 87.67
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