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Abstract: For a kind of coupled parameters multivariable system, the coupled multi-innovation stochastic gradient(C-
MISG) identification method is proposed to estimate the parameters, and its performance analysis is made. The basic
idea of this method is utilizing the historical information to extend the scalar innovation item to an innovation vector to

enhance the identified effect of each subsystem. Simulation results show that increasing the innovation length can enhance

the convergence rate and accuracy of the identified results.
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