2 ~ s
#5314 B # # 5 & X 2016 4F 11 A
Vol. 31 No. 11 Control and  Decision Nov. 2016

N EHS: 1001-0920 (2016) 11-2083-07

DOI: 10.13195/j.kzyjc.2015.1189

AT RAAH M EHRN N RE R 3

MB X, AALE, TETH
(FET R B RSB TREER, L7 BN 221116)

# OE: RKWMEERZRT PR 4R R TR 2 R i, 3R s I BLAE 7 S B i,
R B AR SZ AR B B 95 AN AR I BT R AR VA B (R 0 AR, 1S AN REAR I 4 A 22 (5 BAE A R
P A DMA DL, B30, G5B BEG 0A HEE UAE, $ P T a5 K A3 AR A A HR N P AT 8 2 = R0k S
ERRH, IR NTHE S S RICIT R 5 ) S AR L, BT H BETE AN [ 28 R s Ak I i B0R 4R 38 B8 &
XHEIE): MG RORIMEZE R SABCE: PR ZAE I S A R

FESHKS: TP391.4 SRR ERD: A

Domain adaptation learning based on maximum distribution weighted
mean discrepancy
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Abstract: Maximum mean discrepancy neglects the difference of contribution of each sample to the global measure.
Therefore, a kind of maximum distribution weighted mean discrepancy(MDWMD) methed is proposed, where the whitened
cosine similarity is used to design distribution weights for all samples from the source and the target domains. Further,
based on the idea of joint distribution adaptation, a domain adaptation learning algorighm based on MDWMD is proposed.
Experimental results show that, compared with the typical transfer learning and non-transfer learning algorithms, the
proposed algorithm has higher classification accuracy on different types of cross-domain image datasets.
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