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function

KE Xiao-lu®, MA Li-yao, WANG Jing-jing, WANG Yong
(Department of Automation, University of Science and Technology of China, Hefei 230027, China)

Abstract: The distinctness assumption of the Dempster’s rule of combination is often not fulfilled in practice. A
combination rule for non-distinct bodies of the evidence is proposed, by using the commonality function under the
assumption that the dependent source is available. The identification of distinct bodies of the evidence is not necessary in
the proposed approach, and an analytic combination result is generated without additional assumption that the dependent
source is non-dogmatic. A numerical example is provided to illustrate the effectiveness of the proposed combination rule.
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